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Anterior

We're a New York-based, clinician-led
company that provides clinical
reasoning tools and solutions to
accelerate and automate healthcare
administration
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Why is It hard to successfully apply
LLMs to specialized industries?




Why is It hard to successfully apply
LLMs to specialized industries?

The last mile problem.



An example clinical case processed by ¢, Florence

/8-year-old female
Presents with right knee pain
Doctor recommends a knee arthroscopy

Q: Is there documentation of unsuccessful
conservative therapy for at least 6 weeks?




An example clinical case processed by ¢, Florence 2\

how explicit does the how are we defining cuccese?

documentation need o ée? \/
Q: Is there documentation of unsuccessful
conservative therapy for at least 6 weeks?

/

whai conctitutes concervative in
thic medical context?
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KLAS CASE STUDY 2
We achieved a baseline performance of 95% for approving care...

Initial Results

Performance (F1-Score)

95.7/3%




KLAS CASE STUDY 2
We achieved a baseline performance of 95% for approving care...
then iterated with a specific customer to >99% within 8 weeks

Initial Results 8 Weeks Later

Performance (F1-Score) Performance (F1-Score)

95.73% —> 99.24%

uging the system
outlned in this Talk
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We bullt an adaptive domain intelligence engine to
translate customer-specific domain insights into
performance improvements

Fpicis Tadeng cpily” be 0 b b
[ P FERN o W § S R dol Uy, g T ey .|.I.Ir.|rl:r.|.|.I.|.l.| R ] L RS
T T Spap— --.___.-"'_"l.,

-l"-l'!I-_l -|—I-|. 1

<</

ddr L rgremvare-ls Ter el o g




We bullt an adaptive domain intelligence engine to
translate customer-specific domain insights into
performance improvements




We bullt an adaptive domain intelligence engine to
translate customer-specific domain insights into
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Measuring domain-specific performance



(1) Define what your users care about as metrics

Healthcare: Medical Necessity Review >> False Approvals

Legal: Contract Analysis >> Missed Critical Terms

Finance: Fraud Detection >> Dollar Loss Prevention

Education: Personalised learning plan >> Test Score Improvement



(2) Empower domain experts to define and
maintain a failure mode ontology
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(3) Measure metrics and failure modes together #
on production data to unlock targeted insights




(3) Measure metrics and failure modes together
on production data to unlock targeted insights
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Improving domain-specific performance






Failure mode datasets enable targeted product  “

Iteration
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Fallure mode datasets enable targeted product

Iteration
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Empower your domain experts to make
Improvements directly with tooling and evals
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Empower your domain experts to make
Improvements directly with tooling and evals




Domain expert
reviews

Performance

/ metrics

\ Faillure
\ modes
Suggested

Improvements




Putting it together






Takeaways
e Jo build domain-native LLM applications you need to solve the last

mile problem.

Using the best models isn't enough - you should build an adaptive
domain intelligence engine.

Domalin experts power this system by reviewing Al outputs to
generate performance metrics, fallure modes and suggested
Improvements.

This takes production data and uses it to give your LLM product a
nuanced understanding of customer workflows.

The result is a self-improving, data-driven process that can be

managed by a domain expert PM.
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Dr Christopher Lovejoy, MD chris@anterior.com
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